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Introduction Conclusions

Massive amounts of process tags are collected with high frequency in biomanufacturing for specific The problem of flux decline in ultrafiltration is very complex and multifaceted, even more so in case of
and dedicated univariate monitoring tasks and closed-loop control applications. This produces large a full scale bio-industrial recovery process with numerous sources of variation. The method of
amounts of data which are seldom used outside their direct scope. It can however be of great benefit connecting historical data from continuous processes to the flux quality parameters is a subject of
to combine all available data, structure it and extract relevant information from the full set via ongoing research. Process chemometric tools applied on these large amounts of production data
process chemometrics tools. In this work we highlight the value of historical production data and offer a good overview during exploratory problem solving, for instance, help optimization engineers to
multivariate statistical data analysis as a starting point of variance reduction and capacity focus attention on suitable target areas or to asses the effect when manipulating process parameters
optimization in an industrial-scale continuous enzyme purification process. upstream so that no adverse effect downstream is observed.
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 Operation mode: discontinuous feed
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Three most relevant functions for data retrieval:

« Sampled (-) interpolated between the two last logged
points (equidistant)

 Archived (-) return the previous logged value
(equidistant)

« Compressed (¢) only the true logged points (non-
equidistant)
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Example - two on-line dry matter measurements and the
effect of the dead band settings, 0.2 R (a) and 1.0 R (b)
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